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Abstract 

Fuel cell vehicles (FCVs) running on hydrogen do not cause local air pollution. Depending on 

the energy sources used to produce the hydrogen they may also reduce greenhouse gases in 

the long-term. Besides problems related to the necessary investments into hydrogen 

infrastructure, there is a general notion that current fuel cells costs are too high to be 

competitive with conventional engines, creating an insurmountable barrier to introduction. 

But given historical evidence from many other technologies it is highly likely that learning by 

doing (LBD) would lead to substantial cost reductions. In this study we implement potential 

cost reductions from LBD into an existing agent based model that captures the main dynamics 

of the introduction of the new technology together with hydrogen infrastructure build up. 

Assumptions about the learning rate turn out to have a critical impact on the projected 

diffusion of the FCVs. Moreover, LBD could imply a substantial first mover advantage. We 

also address the impact of learning spillovers between producers and find that a government 

might face a policy trade off between fostering diffusion by facilitating learning spillovers and 

protecting the relative advantage of a national technological leader.  
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1. Introduction 

Current activities of major car producers indicate that fuel cell vehicles (FCVs) running on 

hydrogen are likely to start displacing fossil fueled internal combustion engine vehicles 

(ICEVs) in the next decade, or at least capture a substantial niche market. Inherent in the use 

of fossil fuels are emissions of carbon dioxide (CO2), with their well-known effect on global 

warming.1 Thus, a large-scale introduction of FCVs has the potential to shift to carbon free 

individual transport, implying also lower geostrategic risks associated with fossil fuel supply. 

It should be seen as a potential, because the actual reduction of carbon dioxide emissions and 

fossil fuel demand depends on the mix of energy sources used to generate the required 

hydrogen. Current scenarios of a shift to a "hydrogen society" indicate that for most countries 

low cost production of hydrogen requires the reformation of natural gas, which would still 

imply significant CO2 emissions as long as no (costly) CO2 sequestration technology is 

applied. But due to the fact that hydrogen can be produced from any energy source, a long-

term decarbonization of energy generation would directly lead to lower emissions from 

individual transport (Barreto et al., 2002; Ogden, 2002, 2004; EC-JRC, 2006).  Particularly 

promising seem to be recent scenarios to produce hydrogen from photovoltaics and 

particularly from (offshore) wind energy, as this would circumvent problems related to 

fluctuations in energy production implied by sun and wind as energy sources (Altmann et al., 

2001; Gonzales et al., 2003; Sorensen et al., 2004).  

 

Further advantages of the FCVs are the low noise generation and the general absence of any 

local emissions like particulate matter, ozone, sulfur dioxide, and carbon monoxide. Strong 

emission regulations particularly in the US, Japan and Europe have initiated major 

technological progress of catalytic converters and the use of cleaner fuels (unleaded and 

desulfurized gasoline), so that local emissions from ICEVs have substantially been reduced 

over the last decades. But some of these reductions have been compensated by increased car 

travel and heavy-duty transports, so that future reductions of total emissions would require 

even more complex (and expensive) end-of-the-pipe technologies. 

 

Even though the fuel cell technology itself is nowadays well developed and tested in daily life 

situations there are two major economic barriers to a fast diffusion of FCVs. Firstly, there is 

the so called chicken-and-egg problem saying that people are not willing to buy FCVs as long 

                                                 
1 Internal combustion engines also emit other greenhouse gases like methane and nitrous oxide. 
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as there is no area-wide coverage with hydrogen outlets, and on the other hand, filling station 

owners (or "the oil industry") would not invest in a hydrogen generation and distribution 

system unless there is a significant demand for the new fuel. Secondly, fuel cells are at the 

moment simply too expensive to compete with internal combustion engines. Schwoon (2006) 

uses an agent based diffusion model to investigate whether different tax systems and 

infrastructure scenarios in favor of FCVs are able to lead to a successful introduction of the 

new technology. Calibrated for the German compact car market, his model results suggest that 

a tax on ICEVs in the range of today's car taxes in most European countries - together with an 

infrastructure build up comparable to the rather slow development of compressed natural gas 

(CNG) outlets in Germany - is sufficient to overcome the chicken-and-egg problem. But 

Schwoon (2006) employs a simple point estimate for the costs of fuel cells if produced on a 

large scale. 

 

Therefore, the current paper will extend the model by implementing a more realistic approach 

towards the costs of fuel cell production. There is a general notion that fuel cells costs at the 

moment are prohibitively high, but on the other hand learning by doing in the technology will 

lead to substantial cost reductions (Rogner, 1998; Lipman and Sperling, 1999; Tsuchiya and 

Kobayashi, 2004). If costs follow an experience curve, the assumed learning rate turns out to 

be critical, so that too low gains from experience might create an insurmountable obstacle. 

Additionally, if the producers' planning horizons are short, diffusion might also be severely 

hampered. 

 

The car industry is characterized by technology clusters and common sub-contractors of 

major parts - two important preconditions for the existence of learning spillovers. Including 

learning spillovers in the model increases the speed of diffusion. Moreover, spillovers are 

important when it comes to the question, which producers gain during the diffusion period. In 

any case, there is a substantial first mover advantage due to learning, but with spillovers this 

advantage is reduced for the benefit of early followers. 

 

The outline of the paper is as follows. The next section gives a brief overview of the existing 

model that is extended by LBD. Section 3 starts with a general discussion of the experience 

curve concept and its implementation in the model. Then calibration issues and simulation 

scenarios are discussed, before results of FCV diffusion in the presence of LBD are presented. 

In section 4 we argue why learning spillovers are likely to occur in fuel cell production and 
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show their impact on the speed of diffusion. Furthermore, we address interactions between 

spillovers and first mover advantages. Section 5 is dedicated to policy implications and 

section 6 concludes. 

2. Dynamics of the model 

The model at hand is an extension of an existing agent based diffusion model. A detailed 

description of the structure and calibration can be found in Schwoon (2006). Figure 1 shows a 

scheme of the model. An arrow from variable A to variable B indicates the order of 

computations (within one period) and should be read as "A is a major determinant of B". 

There are four types of agents: consumers, producers, filling station owners and the 

government. The government acts as an exogenous driver by implementing a tax on ICEVs 

and increasing the speed of the built up of hydrogen outlets. Filling station owners simply 

react to the development of the share of FCVs on the road and can increase the share of 

stations with an H2-outlet.  

 

Consumers buy the car that maximizes their utility according to their preferences relative to 

the price. They are heterogeneous with respect to their preferred car characteristics and are to 

some degree influenced by their neighbors' buying decisions. The expression "neighbors" is 

used as a synonym for friends, colleagues or relatives. A high share of neighbors already 

driving FCVs increases the likelihood of a consumer to also buy one.2  Consumers are 

heterogeneous in their driving pattern. Some consumers considering a car will use it mainly 

locally, e.g. for shopping trips or the daily way to work, whereas others, like e.g. a traveling 

salesman, will regularly drive in unfamiliar regions. According to Dingemans et al. (1986) the 

former are likely to be the first ones to buy an alternative fuel vehicle, whereas the latter will 

wait until there is substantial infrastructure coverage.  

 

The utility maximization of the consumer does not take environmental friendliness of the car 

into account. The reason is that first of all high efficiency and environmental benefits are 

usually considered to have only a minor impact on buying decisions (Steinberger-Wilckens, 

2003). Moreover, in a stated preference analysis Bunch et al. (1993) revealed that fuel 

availability is a much more important determinant of vehicle choice and people are only 

willing to pay a premium on low emission vehicles if emissions are drastically reduced 

compared to conventional vehicles. But in the model conventional ICEVs are assumed to be 

                                                 
2 Consumer behavior mainly follows "deliberating consumats" as in Janssen and Jager (2002). 
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already low emitting using for example hybrid technologies. Recent studies show that overall 

environmental benefits of FCVs will significantly exceed those of low emitting advanced 

(hybrid) ICEVs only if hydrogen is generated by renewable energy sources  (Ogden, 2004; 

EC-JRC, 2006; Demirdöven and Deutch, 2004). As this is not likely to be possible on a large 

scale in the near future, early adopters of FCVs cannot claim extraordinary environmental 

awareness. However, if consumers considered FCVs as more ecological and were willing to 

pay a premium for that, in the model this would simply require a lower tax on ICEVs to 

promote diffusion of FCVs. 

 

Producers offer cars that are heterogeneous but close substitutes.3 Thus, the producers act as 

price setters with limited market power depending on their market share. In each period they 

maximize a weighted average of expected revenue and market share.4 The maximization is 

subject to capital/investment constraints, where credit availability is higher for larger 

producers than for small ones (as indicated by the backward loop from producers' capital in 

Figure 1). Each producer can either produce ICEVs or switch to the production of FCVs, 

which is assumed to be more capital intensive. 

 

The switch is made as soon as FCVs imply a higher expected value of the objective function. 

Producers are more likely to switch, the higher the tax on ICEVs, the higher the share of 

filling stations with an H2-outlet and the higher the expected cost reductions from LBD. The 

latter impact, which significantly adds to the original model, is described in the next section. 

Producers are also doing R&D so as to change the car characteristics according to the 

consumers' preferences. 

 

Supply and demand is matched as follows. Producers set prices first and adjust their 

production capacity, but only produce as many cars as consumers order. So there is no excess 

supply and inventories are omitted. This implies that producers, which overestimated the 

demand for their products, are penalized by their overinvestment in capacity but not by high 

variable costs. In the case of excess demand, not all consumers can be satisfied, because a 

period is not long enough for capacity extensions or price increases. If a consumer cannot get 

                                                 
3  The supply side of the model is based on Kwasnicki's (1996) behavioral model of producers. 
4 The objective function is constructed such that small producers try to increase their market share (survival 

strategy), whereas large producers focus on profits. Kwasnicki and Kwasnicka (1992) show that such a 
behavior in the long run outperforms a pure profit maximizing strategy, given the uncertainties about the 
behavior of competitors, R&D success and so on, which prohibit intertemporal profit maximization. 
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his favorite product, because it is sold out, he will choose a less preferred product and he can 

actually end up with nothing and has to wait for the next period. 

 

3. Learning by doing 

3.1. The experience curve concept 
LBD is an appealing view of technological progress as it models an intuitively 

comprehensible relationship between experience and process or product optimization. 

Empirical studies go back as far as 1936 when Wright described the cost development in the 

aircraft industry. While studies addressing macroeconomic implications of learning trace back 

to Arrow (1962), managerial decision-making on the basis of so-called experience curves 

became popular particularly due to the influence of Boston Consulting Group (1970). The 

experience curve concept attracted a lot of attention recently for determining future potentials 

of renewable energy technologies (Neij, 1997; Mackay and Probert, 1998; Wene, 2000; Neij 

et al. 2003; Junginger et al., 2005) and has become a crucial tool in energy system modeling 

(Messner, 1997; Grübler and Messner, 1998; Rasmussen, 2001; Manne and Richels, 2004; 

Manne and Barreto, 2004).  

 

Throughout the paper we will use the expressions learning-by-doing and experience curve 

interchangeably for a rather wide notion of experience.5 Following Abell and Hammond 

(1979) sources of experience - besides the directly improved labor efficiency due to learning - 

are work specialization and enhanced methods, new production processes, better performance 

from production equipment, changes in the resource mix, i.e. employment of less expensive 

resources, product standardization and product redesign. All of these sources are likely to be 

exploited during mass production of fuel cells, hydrogen tanks and other drive train related 

components. We restrict cost reductions from learning to these components and assume that 

they are learning at the same rate.6 Other car components of the FCV are learning at the same 

rate as the ICEV. Actually, we assume that the cumulative production of other car 

components (and also of the internal combustion engine) is already so high that cost 

reductions due to learning are negligible.    

 

                                                 
5  Some studies also use the terms learning curve and progress curve to describe the same phenomenon (Argote 

and Epple, 1990).  
6  Neij et al. (2003) point out the difficulties to derive aggregate learning rates for several subsystems, but the 

fuel cell itself is by far the most expensive component in the drive train so that its learning rate dominates the 
overall learning rate of the system. 
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We follow the standard approach of modeling LBD by using cumulative output as a proxy for 

experience and apply the following experience curve for the fuel cell drive train: 
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holds, so that e.g. an experience parameter of 0.23 implies a learning rate of 0.15, i.e. unit 

costs fall by 15% each time cumulative output doubles, independent of the initial costs or the 

level of cumulative output.  

 

3.2. Limitations of the approach 
One drawback of the experience curve concept is that production costs can fall infinitively if 

production volumes increase. Thus, we use the costs for a conventional internal combustion 

engine ( c ) as a lower bound for cost reductions ( ( )Tunit c≥c ). Lipman and Sperling (1999) 

identify two justifications why reduction limits are indicated. Firstly, cost reductions cannot 

go further than material costs. The current requirements of noble metals for fuel cells would 

imply a particularly high lower bound. Even though it is also reasonable to expect that 

material substitution options will be identified, material requirements will nevertheless 

prevent infinite cost reductions.8 Secondly, Lipman and Sperling state that institutions like the 

Partnership for a New Generation of Vehicles established cost targets for fuel cell drive trains. 

                                                 
7  The presentation of the experience curve follows mainly Wene (2000), but can similarly be found e.g. in Abell 

and Hammond (1979), Dutton and Thomas (1984), Argote and Epple (1990) or Lipman and Sperling (1999) 
in the context of FCVs. The specific notation is chosen so as to make clear that costs are a function of output 
quantities and not of time. However, if qt ≥ 1 for t ≤ T, i.e. if at least one unit is produced in every period, we 
observe monotonously decreasing costs, leading to a common misinterpretation of the experience curve that 
costs are decreasing over time.   

8  See also Spence (1981) and Ghemawat and Spence (1985). 
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Once these targets are met, companies' efforts to further reduce costs are limited. This 

argumentation should be taken with care as it implies a pure satisficing behavior and 

companies would forego potential competitive advantages. However, it seems reasonable to 

believe that ones the fuel cell drive train costs approached those of an internal combustion 

engines, their costs would leave the center of attention for the benefit of quality improvements 

or cost reducing potentials of other vehicle components.  

 

A more severe limitation of the experience curve concept refers two difficulties in 

parameterization. Estimated learning rates ex post usually have a high statistical goodness of 

fit, which is not surprising for non-stationary variables. McDonald and Schrattenholzer (2001) 

collect learning rate estimates from 26 data sets of different studies for energy related 

technologies and find the majority of estimates in the range of 5-25%. For 21 learning rates, 

the R2 as a measurement for the goodness of fit between the data and the experience curve is 

reported. 17 have an R2 higher than 0.75 and of those 11 even exceed 0.9. However, ex ante 

parameterizations for new technologies are extremely difficult. Due to the exponential impact 

of the learning rate on production costs only small changes in the rate might determine the 

success of a new technology. Low expected learning rates might lead to prohibitively high 

production requirements for the new technology to become competitive. On the other hand, 

high expected learning rates might involve too optimistic cost reductions. Moreover, exact 

cost measurements of the very first units produced would be necessary for a reliable cost 

prediction. But actual costs of prototypes and initial limited-lots for testing are not only 

difficult to evaluate within a firm, but are also kept secret, as they would provide competitors 

with important information on potential market introduction.  

 

Finally, there are some objections against the general validity of the concept of experience 

curves. Hall and Howell (1985) criticize that industries starting from scratch usually have 

substantial financing costs, which decline over time if being successful. Therefore, the long 

run correlation between cumulative output and costs might be spurious and real gains from 

learning are likely to be exhausted after a relatively short period of time at least at the plant 

level. Furthermore, they find that regressing price (which is usually taken because of the 

difficulties of getting cost data) on cumulative output has no additional explanatory power 

than just using current output, so that LBD cannot be separated from scale effects. But these 

criticisms do not apply for our model. Our main focus is indeed on the early cost reductions 

due to learning and mass production, without differentiating between. These reductions are 
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crucial for the decision of a producer to switch to the production of FCVs. Financing costs 

play only a minor role, because car producers, who are introducing FCVs, are not starting a 

completely new industry but rather make a major advancement within an established one. 

Moreover, they are big enough to get loans without a noteworthy risk premium for applying a 

new technology.   

 

3.3. Implementing LBD in the existing model 
Learning by doing enters the model by changing producers' expectations about future income 

due to changes in variable costs. The expected income of the producer is computed as  

(3)  
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where τ  represents the length of the producers' decision horizon,  is a vector of 

characteristics of a car produced by a specific producer, with FCV = 1 if the car has a fuel cell 

drive train (otherwise FCV = 0) and  is the price of the car. The expected number 

of cars sold  is a function of the price ( q q , where the demand is 

determined by certain market conditions (like competitors prices and market shares). 

Moreover, the expected number of cars sold cannot exceed production capacities. The right 

hand side of equation (1) reduces to the term in large brackets, if the producers' forward 

looking horizon does not go beyond the current period (
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0τ = ). Then income is simply 

expected revenue minus expected variable costs. But in contrast to the earlier model, variable 

costs  now follow an experience curve as in equation (1), if the car in question is a 

FCV. Then variable costs depend on the number of FCVs already constructed in previous 

periods and each unit produced reduces the costs of the next one. Thus, if the producer 

expects to sell, e.g., 50,000 units ( ) and has already produced a cumulative 

number of FCVs of 100,000 units until the last period, then the total variable costs expected 

for the current period are the sum of the individual costs of car number 100,001 ( ) 

to car number 150,000 ( ). In the case of an ICEV learning potentials are already 

exhausted. Thus, costs are independent of cumulated productions, so that the second term in 

the large brackets of equation (3) equals 

( Tc unit )

50,000exp
tq =

( )100,001c unit

( )150,000c unit

exp
tq c .  

 

As a further deviation from the original model a producer now bases her optimization on a 

longer time horizon ( 0τ > ), so according to equation (3) expINC  becomes the sum of the 
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discounted expected incomes. This extension is a concession to the problem that otherwise the 

likelihood to switch to the production of FCVs would depend on the length of the time step of 

the model. In the original model the producer sets the price that maximizes her objective 

function, which is determined by expected income (normalized relative to total income in the 

whole industry) and expected (relative) market share, where expectations are limited to one 

period, representing a quarter of a year. As long as the producer has not switched to the 

production of FCVs, she computes optimal prices for the car being either a FCV or an 

ICEV . With learning by doing, this switching decision now also includes the notion 

that aggressive low pricing might pay off via increased quantities, which lead to lower costs. 

The rather short decision horizon of a quarter ignores the fact that switching now implies cost 

reductions in future periods due to learning. Moreover, as the switch requires additional 

capital, it is even more unrealistic that such a major decision focuses only on the next three 

months. Thus, we assume that producers evaluating the production of FCVs focus on their 

income over the next periods. Based on the duration of a lifecycle of a car, we set the decision 

horizon to three years in our central case. In reality, producers might consider a strategy of 

switching to the production of FCVs and not only setting low prices initially to sell high 

quantities, but also later on increase prices (Dasgupta and Stiglitz, 1988). However, 

implementing such a strategy would require intertemporal optimization, which is ruled out in 

the modeling framework due to substantial uncertainties about the behavior of competitors, 

the development of H

( t,1car )

)

        

( t,0car

                                        

2-infrastructure, the acceptance of the technology by consumers and 

changing taxes. 

 

3.4. Parameterization of the experience curve 
McDonald and Schrattenholzer (2001) compile learning rates for energy technologies in 

general, which occur to be in the range from 5% to 25%.9 Table 1 lists several studies, which 

explicitly use learning rates to predict future costs of fuel cell technologies. The data show 

that researchers calculate with learning rates, which are within a wide range and rather high. 

The comparability of the underlying experience curves is limited due to the different 

assumptions regarding initial fuel cell costs and the initial cumulative production. Further 

differences arise from the different units of measurement. Some studies focus on the overall 

wattage produced, where also an increase in the number of stationary fuel cells has a cost 

decreasing impact on fuel cells in mobile applications. Others fix the power of a fuel cell at 50 
 

9  Learning rates in energy technologies turn out to be in the same range as observed e.g. by Dutton and Thomas 
(1984) for a variety of industries. For the case of wind power see also the overview or learning rate estimates 
in Junginger et al. (2005).  

 10



Working Paper FNU-112 

or 70kW and derive learning rates for the number of units produced.  In general, the model 

specifications deviate from the theoretical setup of the experience curve, because initial costs 

do not refer to the very first unit produced but rather are cost estimates for a certain initial 

"mass production". 

 

In our model we use a rather low learning rate of 15% for the central case and vary it from 10 

to 20%. This can be justified by the assumption that several parts of a FC drive train system 

(electric motors, batteries or super-capacitors and generators for recovery of breaking energy 

etc.) would also be implemented in an advanced (hybrid) ICEV and would therefore not 

represent FCV specific learning. Roughly in line with current cost projections of Arthur D. 

Little (2000) and the detailed cost estimates by Tsuchiya and Kobayashi (2004), we expect 

(for an initial production size of 10,000 units at 50kW) initial costs of 13,000€, which are five 

times the drive train costs of an ICEV.10 Initial costs are of course also uncertain and 

additional model runs with different initial costs have been conducted. Beside the 

straightforward result that lower initial costs lead to earlier diffusion, the linear impact is 

dominated by the exponential impact of the learning rate, so we refrain from presenting those 

results and focus on different learning rates. 

 

3.5. Main calibration and scenario assumptions 
All other parameters unrelated to LBD have not been altered from Schwoon (2006). The 

model is calibrated so as to mimic some of the main features of the German compact car 

segment. There are 12 important producers in the segment of compact cars in Germany with 

market shares exceeding 2%. However, one producer (Volkswagen) dominates the market 

with a market share of about 1/3. To mimic the fact that the market is unequally partitioned, 

we draw initial market shares randomly from a normal distribution with mean 100/12% and a 

standard deviation of 10%.11 Restricted by computation time, we allow for 6400 different 

consumers. In the control run without any policy about 125 consumers buy each period, i.e. if 

we assume that each consumer represents about 2,000 similarly behaving ones, we end up at 

1mio sales per year, which corresponds to the size of the segment we are modeling. Initially, 

there are about 400 fuel stations with an H2-outlet. Like in the "exogenous H2" scenarios of 

Schwoon (2006), we assume a public infrastructure program that provides 80 filling stations 

with a hydrogen outlet each year. Moreover, the tax scheme implemented by the government 
                                                 
10  In Schwoon (2006), unit costs of 13,000€ for an average compact car are used. As a rule of thumb, drive trains 

of ICEVs account for about 1/5 of total costs, i.e. 2,600€. Thus, with fuel cell drive train costs of 13,000€, 
initial FCV costs add up to 23,400€. 

11  The minimum market share is 2% and the sum of all market shares is scaled to sum up to 100%. 
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lies in-between the "gradual tax" and the "shock tax" scenarios, by assuming, that the 

government shocks the market with a 5% tax by the year 2010 and increases it by additional 

5% in the consecutive years until a tax level of 40% is reached. The tax represents not only 

purchase taxes, but also the net present value of total lifecycle taxes (on ownership, insurance, 

fuel etc.). Therefore, a 40% level can be considered as rather low, compared to current taxes 

in Europe (Burnham, 2001). 

 

A major problem with calibration in the context of LBD is that learning would occur globally, 

i.e. producers selling FCVs e.g. in Japan or the US would achieve cost reductions, providing 

them with different starting positions for the German market. On the other hand, concerted 

governmental action in these countries is unlikely. Thus, the results should be seen as relevant 

for a situation, in which a government decides to push in a solo attempt the introduction of the 

new technology in a market of comparable size to the German market. Looking at the history 

of pollution regulation of cars, this seems to be not unrealistic. The independent introduction 

of unleaded fuels and the support of 3-way catalytic converters in Japan, the US and later on 

in Germany, which preceded most other Western Europe countries as described in Westheide 

(1987) can be seen as examples for successful policies on a national level. Moreover, the 

substantial impact of the zero emission vehicle regulations of the State of California on the 

R&D activities of car producers world wide (Hekkert and van den Hoed, 2004) show how 

influential policies for a single (but significant) market can be. 

 

The model is implemented in the Laboratory for Simulation Development (LSD) and is 

available from the author upon request. The LSD environment includes a user-friendly 

graphical interface that allows testing e.g. parameter changes without a detailed knowledge of 

the underlying program.12 

 

3.6. Diffusion curves in the presence of LBD 
Figure 2 shows how predictions of the penetration of the German compact car market with 

FCVs depend on the actual learning rate in fuel cell drive train technology. The diffusion 

curves are averages of 100 simulation runs with different random seeds. The time horizon 

producers employ to evaluate the switching option is set to three years. The figure clearly 

demonstrates that even rather small variations in the assumed learning rate determine the 

diffusion process. For a low learning rate of 10% fuel cell costs do not sufficiently decline 

                                                 
12  For a description of LSD see Valente and Andersen (2002). 
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within the decision horizon, so that hardly any producer switches production and FCVs do not 

gain a noticeable market share over the computed time horizon. With higher learning rates, 

producers successfully introduce FCVs; and the higher the learning rates the earlier and faster 

FCVs take off. Note that for a learning rate of 15 to 20% the share of newly registered FCVs 

increases at an increasing rate for the first three years after initial introduction and then 

continues increasing on a rather steady rate. The reason is that hydrogen infrastructure does 

not reach full coverage within the first few years of fast FCV diffusion and small producers 

can establish a temporary (relative) successful niche serving those consumers with high 

infrastructure demand.13  

 

Figure 3 shows that the longer the producers' decision horizon the earlier and faster the 

diffusion or conversely, a very short perspective can severely hamper diffusion.14 Thus, in the 

presence of LBD a limited time horizon creates a major barrier against the introduction of the 

new technology. Even though this result is not surprising, given the discussion of the model 

setup in section 3.3 it has an interesting policy implication. The government could foster 

diffusion by supporting long-term investment decision-making by appropriate depreciation 

allowances or options to carry forward losses associated with the production switch. 

 

4. Learning spillovers 

4.1. Channels of learning spillovers 
So far, learning effects have been treated as being only dependent on the producers' own 

experience. This is usually referred to as proprietary learning in opposite to spillover learning, 

where producers can also gain from their competitors' experience. There are various channels 

for such spillovers, e.g. reverse engineering, inter-firm mobility of workers, proximity 

(industry clusters), or learning on sub-contractor level. All these channels can be expected to 

apply for fuel cell technologies. Once the first FCVs are sold at the market, producers lagging 

behind technologically are likely to dismantle FCVs of their competitors.15 According to 

Franco and Filson (2000) inter-firm mobility of workers and the active poaching of high 

skilled experienced workers is particularly observable in high-tech industries. The existence 

of car technology clusters like Detroit/US or Stuttgart/Germany facilitates such learning 
                                                 
13  The niche is only temporary, because the model setup implies that as soon as every filling station offers 

hydrogen all producers switch production, so as to avoid the (high) taxation of the ICEV. 
14 Note that the main influence of the decision horizon is on the date when first producers switch. After about ten 

years of diffusion, there is no significant difference in the share of newly registered cars anymore, as long as 
the decision horizon is at least two years long. 

15  Reverse engineering has previously played a major role in car production (see Lee, 2000). 
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spillovers. In the Canadian fuel cell producer Ballard Power Systems, several major car 

producers have a common sub-contractor, so that producers would gain from experience 

accumulated there.16  

 

A rarely addressed channel for spillovers is weak patent rights. A government might force 

producers to license environmental friendly technology to competitors. Thornton and 

Thompson (2001) analyze wartime ship building in the US as an extreme case. At that time 

the government actively transferred knowledge from one firm to the other. They find a small 

but significant spillover effect: 15 ships produced within the industry increased productivity 

of the individual firm by the same amount as one ship produced by its own. Empirical 

evidence of spillovers in general is rather inconclusive. Spillover effects are existent but low 

also in the case of nuclear power plants (Zimmerman, 1982; Lester and McCabe, 1993) and 

semiconductors (Irwin and Klenow, 1994; Gruber, 1995). But for agricultural production on 

the one hand (Foster and Rosenzweig, 1995) and samples of the manufacturing sectors in the 

US (Jarmin, 1996) and Spain (Barrios and Strobl, 2004) on the other, there is evidence for 

extremely high learning spillovers, with industry experience being even more important than 

own experience. Barrios and Strobel (2004) suppose that this rather counterintuitive result is 

due to the general diffusion of (other) new technologies. This effect is difficult to separate 

from pure learning effects. However, given that all the studies agree that learning spillovers 

exist, they should not be ignored from the analysis. The empirical evidence also suggests that 

learning spillovers are industry depend and therefore hardly transferable to new industries. 

Thus, their magnitude in fuel cell technologies is subject to substantial error. But recalling the 

above discussion of potential spillover channels there, a sensitivity analysis should also 

include simulations with high spillover potentials. 

 

4.2. Spillovers facilitate diffusion 
Figure 4 illustrates how different assumptions regarding learning spillovers change the 

predicted diffusion of FCVs. The proprietary learning graph is identical to the central cases in 

Figure 2 and Figure 3. The 5% case implements the assumption that 20 FCVs produced by 

competitors lead to cost reductions equivalent to one own produced FCV. Correspondingly, 

with 100% learning spillovers cost reductions only depend on cumulative production of all 

producers. A possible situation, in which this assumption holds is if e.g. Ballard Power 

                                                 
16  Ballard Power Systems is actually partly owned by DaimlerChrysler and Ford and holds supply contracts with 

Volkswagen, Mazda and Nissan. Similar cooperations exist between Hyundai, BMW and International Fuel 
Cells or Renault, PSA and Nuvera Fuel Cells, while GM and Toyota directly collaborate in fuel cell R&D. 
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Systems was the only supplier of fuel cells and would pass on all its cost reductions to the car 

producers (because they jointly own the company). Figure 4 indicates that already rather 

small spillovers encourage much faster diffusion. High spillovers increase the speed of 

diffusion at the very beginning, but at the end of the simulated period the difference in 

penetration between e.g. 10% spillovers and 100% spillovers is rather small. The graphs using 

averages of 100 simulation runs slightly understate the impact of learning spillovers, because 

some of the individual runs show no diffusion at all. In opposite to the learning rate and the 

forward-looking horizon of the producers, spillovers do not affect the switching decision of 

the very first producer. Therefore, the number of simulation runs without diffusion is 

independent of the assumed learning spillovers and all graphs would be shifted by the same 

factor, leaving qualitative insights unchanged and implying a (small) linear scaling of 

magnitudes. Figure 5 compares the impact of small changes in the learning rate with changes 

in the magnitude of spillovers. Not only the starting point of diffusion, but also the main 

development is determined by the learning rate. However, once diffusion starts learning 

spillovers enforce diffusion noticeably. Thus, policies that facilitate learning spillovers are 

indicated if fast penetration of the environmental friendly technology is intended. 

 

4.3. First mover advantage 
In a stylized theoretical model, Dasgupta and Stiglitz (1988) show that in the presence of 

LBD there is a tendency for a dominant producer to emerge. The reason is that an initial 

advantage in scale can be extended over time as LBD implies dynamic increasing returns in 

production. The consequence is a substantial first mover advantage of the first producer 

starting to accumulate experience. There is some empirical evidence for first mover 

advantages due to LBD (Gruber, 1998; Madsen et al., 2003, Hansen et al., 2003). According 

to Ghemawat and Spence (1985) learning spillovers generally increase market performance 

by reducing the relative advantage of the biggest producer.17 While a first mover advantage is 

noticeable in the present model the implications of spillovers are not clear cut. To get an 

impression of how the first mover performs, we identify from each random simulation the 

producer who switches to the production of FCVs first. Then we compute for each period the 

average relative change in profits compared to the profit level before the introduction of tax. 

We compare these averages with the performance of the producers switching as second, third 

and so on. Figure 6 shows the results, where we pool the 7th to 12th producers for the matter 

                                                 
17  Fudenberg and Tirole (1983) show that market performance may decrease if producers behave strategically, 

recognizing their spillovers to competitors. Such behavior requires intertemporal optimization and can 
therefore not be implemented in the current model. 
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of clarity of the overall picture. Actually, they usually do not switch at all during the 

simulated period (otherwise we would have complete diffusion until 2030, which is not the 

case according to the figures above). In general the notation 1st to 12th should only indicate 

the relative behavior of switching, with a major focus on the first mover and early followers. 

The figure shows that the first mover (like all other producers) suffers losses due to the tax. 

The average switching period is around 2016, when (relative) profits of the first mover starts 

rising substantially, exceeding pre-tax levels within few years and further increase until a 

level of about 160% is reached. The reason for this substantial increase is that costs of FCVs 

decline rather quickly implying higher profit margins (given that there are still highly taxed 

ICEVs in the market). Moreover, the tax driven technology switch forces some smaller 

producers to exit the market, so that market power and hence profits increase. Switching later 

(as a second mover, third mover and so on) also pays off, but the gains are not as big as for 

the first one. Note that this first mover advantage is observed on average. In some of the 

simulations the gains for the second or third mover exceed those of the first, so that we can 

not conclude that producers should generally aim for being the first. 

 
Figure 7 shows how the net present values of profits change, if spillovers exist using the same 

interest rate of 10% per year that is also applied for investment decisions during simulations. 

Surprisingly, the first mover is hardly affected by spillovers. The reason is that there are two 

balancing impacts. On the one hand the first mover loses some of his cost advantage due to 

learning to his early followers. But on the other hand he gains from the generally faster 

penetration of the new technology, which implies a faster infrastructure build up and adoption 

externalities as consumers depend on their neighbors decisions. It can be seen from Figure 7 

that it depends on the spillover magnitudes which effect dominates. For rather small learning 

spillovers similar balancing effects hold for the second mover, but he can also gain from the 

cost reductions of his predecessor. But the real winner of small spillovers is the third producer 

with increases of 14 to 17% of his NPV for spillovers less or equal to 25%. The higher the 

spillovers the more favorable they are for the second mover. The relative benefit of the second 

and third mover compared to the first can be seen as weak support for Ghemawat and Spence 

(1985) result that learning spillovers should increase market performance. But note that the 

increased speed of diffusion is only clearly beneficial for the first three switchers. Depending 

on the actual magnitude of spillovers some of the later followers are actually worse off so that 

the benefit of early followers comes at the expense of later ones.18  

                                                 
18 If we look at the Herfindahl index as a standardized measure of market performance in this model, spillovers 

seem to have no noticeable impact.  
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5. Policy implications 

The previous sections showed that high learning rates, long planning horizons of the 

producers and high learning spillovers have a positive impact on the diffusion of FCVs. The 

government can hardly affect learning rates, but we stated earlier that governmental 

regulations have some impact on the length of planning horizons. Furthermore, according to 

Fudenberg and Tirole (1983) the government can influence learning spillovers, e.g. via patent 

and cartel laws. But especially a mandatory licensing of patents is problematic, as it reduces 

R&D incentives. Following the channels of spillovers discussed above, another option would 

be to relax regulations of headhunters to facilitate mobility of high-skilled workers. But this 

would require accepting a severe intervention into the mutual trust between employer and 

employees. Less problematic policies seem to be the support of technology clusters, whose 

importance is widely accepted (see e.g. Krugman (1991) and Porter (1998), Hansen et al. 

(2003)), or public R&D for the benefit of common sub-contractors.   

 

While promoting learning spillovers as a diffusion policy has rarely been addressed, learning 

gains and first mover advantages have repeatedly been used as arguments for substantial 

support of environmentally friendly technologies. If the government expects national 

producers to be most likely to adopt such technologies, they could "ride down the experience 

curve" (Neij et al., 2003) and gain a cost advantage over their competitors. This would 

strengthen their international market position, once global demand increases.19 As a result, the 

support of "green" technologies would have an environmental and economic benefit. The 

simulation results suggest that a similar argumentation in favor of support of FCVs first of all 

requires some knowledge about the actual learning rate of fuel cell technologies, because 

learning potentials might be too small for a successful introduction. Moreover, if the 

government is interested in maximizing the relative advantage of a national first mover then it 

should prevent learning spillovers. Conversely, if for environmental reasons the government 

wants diffusion of FCVs to be as fast as possible, it should facilitate spillovers. Thus, the 

simulations imply that fast diffusion due to spillovers and high first mover advantages might 

be conflicting targets.20 Actually, the optimal policy depends on the market structure. If 

                                                 
19  This infant industry argument is made in the context of the Danish wind power industry, where the national 

market was totally dominated by home producers (Hansen et al., 2003). 
20  In any case, producers face substantial losses during the introduction of the tax, and there is a significant 

increase in market power later on. This seems to be unavoidable downsides of the tax-induced diffusion 
process. 
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national producers are expected to be early followers, then promoting spillovers not only 

accelerates diffusion but also supports national industry. Governments of Germany, France, 

Japan or the US with dominant national producers would face the above trade off.  On the 

other hand, for China, which currently builds up an own car industry, it might actually be 

beneficial to force foreign producers to switch and let national producers gain as early 

followers, ending up with a fast diffusion of FCVs. 

 

6. Conclusions 

This paper extends an existing agent-based model to simulate potential diffusion paths of 

FCVs in a large but confined market like the German compact car segment with LBD in fuel 

cell technologies. While the original model uses fixed unit costs of mass-produced fuel cell 

drive trains, in this paper unit costs follow an experience curve and producers' decisions to 

switch to the production of FCVs include cost projections. Diffusion is driven by a tax on 

ICEVs that is phased in at the beginning of 2010. The results suggest that diffusion strongly 

depends on the underlying assumption regarding the learning rate, so that low learning can 

even prohibit diffusion. Moreover, the tax can only successfully induce diffusion, if the 

planning horizon of the producers is long enough, such that they can incorporate long term 

cost reductions. 

 

We also allow for learning spillovers and find, unsurprisingly, that higher spillovers lead to 

faster diffusion. There seem to be substantial first mover advantages, as the producer, who 

switches first, starts accumulating experience first. Learning spillovers can decrease this first 

mover advantage. Since regulation has at least some influence on learning spillovers, the 

model results suggest that if the government is not only interested in fast diffusion of the new 

technology, but also cares about national champions, the government faces a trade off when 

setting the regulatory environment. But there is no trade off if national producers are early 

followers, because they appear to be the main beneficiaries of high spillovers. 

 

The current model has the advantage of being detailed enough to represent the main dynamics 

that drive the complex diffusion process of a new power train technology without concealing 

the major cause and effect relationships. The setup can be easily adjusted to comparable 

market segments in other countries or e.g. in the EU as a total. Updated estimates of cost 
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developments or prospects of the timing and character of taxes (or subsidies) are implemented 

right away. 

 

As discussed in Schwoon (2006), there are several limitations of the model, which are 

inherent in the setup itself. These include the restriction to a certain segment of the car 

market, so that consumers can not evade to a cheaper segment; the assumption, that producers 

make a radical switch to fuel cell technology instead of introducing it smoothly in parts of the 

product line; and the simplistic representation of hydrogen infrastructure. Now, the current 

representation of LBD adds other potential shortcomings. The empirical base of the 

parameters of the experience curve is weak. The same is true for the learning spillover 

potentials. We addressed these uncertainties with sensitivity analysis. A more realistic 

behavioral model of the producers would involve different expectations of own learning rates 

(and spillovers), which could follow probability distributions and perhaps a risk averse 

understatement of learning potentials. But such improved realism is likely to obscure the 

general model behavior without changing qualitative insights. Another limitation is the simple 

price setting and technology switching behavior of the producers that ignores their own 

spillovers to others via LBD and the externality via an increased share of filling stations with 

H2-outlet. Moreover, a more realistic model would also allow producers to support filling 

station owners to provide more H2-outlets, because they could then sell their FCVs at higher 

prices, since consumers need less compensation for limited fuel availability. 
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Table 1: Learning rates, initial FC costs and initial number of units  
Reference Learning rates used for 

simulation (in %) 
Base fuel cell costs in 
US$/kW 

Base cumulative 
production 

Rogner (1998)  10; 20; 30; 40 2,500; 4,500; 10,000 2MW 

Lipman and Sperling 
(1999) 

15; 20; 25 1,800; 2,000; 2,200 5MW 

Gritsevskyi and 
Nakicenovic (2000) 

20 n.a.  10MW 

Lovins (2003) 20-30 100-300 by year 2010  

Schlecht (2003) 20; 30; 40 129-516 10,000 units 

Sørensen et al. 
(2004) 

10; 20 392(€/kW) 50,000 units 

Tsuchiya and 
Kobayashi (2004) 

26 167 50,000 units 

 24



Working Paper FNU-112 

 
 

 

 

 
Credit 

availability 
 

 

 

 

 

 

 

 

 

 

 

Producer's 
capital 

Producers: 
Production and 
price decisions 

R&D 
funds 

Investment 
decisions 

Market 
sales 

Expected LBD 
cost reductions 

Government: Sets 
taxes and increases 

number of H2-outlets  

Car 
characteristics 

Savings 

Profits 

Filling station owners: 
Increase share of stations 

with H2-outlet 
 

 

 

Figure 1 Model scheme  

 

Tax

Neighbors 

Driving 
patterns
Consumers: 
Buying 

decisions 
Refueling 
worries 

25



Working Paper FNU-112 

0%
10%
20%
30%
40%
50%
60%
70%
80%

2010 2015 2020 2025 2030

Year
LR = 20% LR = 17.5% LR = 15%
LR = 12.5% LR = 10%

 
 

Figure 2 Percentage share of FCVs within newly registered cars in the German compact car 
segment: Different learning rates in fuel cell technologies 
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Figure 3 Percentage share of FCVs within newly registered cars: Different lengths of the 
producers' decision horizons 
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Figure 4 Percentage share of FCVs within newly registered cars: Different rates of learning 
spillovers 
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Figure 5 Percentage share of FCVs within newly registered cars: Impact of learning rates vs. 
impact of learning spillovers 
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Figure 6 Change in producers' profits relative to pre-tax level, dependent on their order of 
switching to the production of FCVs 
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Figure 7 Change of producers' profits with spillovers relative to no spillover case 

 31



Working Paper FNU-112 

Working Papers 

Research Unit Sustainability and Global Change 

Hamburg University and Centre for Marine and Atmospheric Science 
 

Schwoon, M. (2006), Learning-by-doing, Learning Spillovers and the Diffusion of Fuel Cell Vehicles, FNU-112 
(submitted). 

Strzepek, K.M., G.W. Yohe, R.S.J. Tol and M. Rosegrant (2006), The Value of the High Aswan Dam to the 
Egyptian Economy, FNU-111 (submitted). 

Schwoon, M. (2006), A Tool to Optimize the Initial Distribution of Hydrogen Filling Stations, FNU-110 
(submitted). 

Tol, R.S.J., K.L. Ebi and G.W. Yohe (2006), Infectious Disease, Development, and Climate Change: A Scenario 
Analysis, FNU-109 (submitted). 

Lau, M.A. (2006), An analysis of the travel motivation of tourists from the People’s Republic of China, FNU-
108 (submitted). 

Lau, M.A. and R.S.J. Tol (2006), The Chinese are coming – An analysis of the preferences of Chinese holiday 
makers at home and abroad, FNU-107 (submitted). 

Röckmann, C., R.S.J. Tol, U.A. Schneider, and M.A. St.John (2006), Rebuilding the Eastern Baltic cod stock 
under environmental change - Part II: The economic viability of a marine protected area. FNU-106 (submitted) 

Ronneberger, K., M. Berrittella, F. Bosello and R.S.J. Tol (2006), KLUM@GTAP: Introducing biophysical 
aspects of land-use decisions into a general equilibrium model. A coupling experiment, FNU-105 (submitted). 

Link, P.M. and Tol, R.S.J. (2006), Economic impacts on key Barents Sea fisheries arising from changes in the 
strength of the Atlantic thermohaline circulation, FNU-104 (submitted). 

Link, P.M. and Tol, R.S.J. (2006), The economic impact of a shutdown of the Thermohaline Circulation: an 
application of FUND, FNU-103 (submitted). 

Tol, R.S.J. (2006), Integrated Assessment Modelling, FNU-102 (submitted). 

Tol, R.S.J. (2006), Carbon Dioxide Emission Scenarios for the USA, FNU-101 (submitted). 

Tol, R.S.J., S.W. Pacala and R.H. Socolow (2006), Understanding Long-Term Energy Use and Carbon Dioxide 
Emissions in the USA, FNU-100 (submitted). 

Sesabo, J.K, H. Lang and R.S.J. Tol (2006), Perceived Attitude and Marine Protected Areas (MPAs) 
establishment: Why households’ characteristics matters in Coastal resources conservation initiatives in 
Tanzania, FNU-99 (submitted). 

Tol, R.S.J. (2006), The Polluter Pays Principle and Cost-Benefit Analysis of Climate Change: An Application of 
FUND, FNU-98 (submitted) 

Tol, R.S.J. and G.W. Yohe (2006), The Weakest Link Hypothesis for Adaptive Capacity: An Empirical Test, 
FNU-97 (submitted, Global Environmental Change) 

Berrittella, M., K. Rehdanz, R.Roson and R.S.J. Tol (2005), The Economic Impact of Water Pricing: A 
Computable General Equilibrium Analysis, FNU-96 (submitted) 

Sesabo, J.K. and R. S. J. Tol (2005), Technical Efficiency and Small-scale Fishing Households in Tanzanian 
coastal Villages: An Empirical Analysis, FNU-95 (submitted) 

Lau, M.A. (2005), Adaptation to Sea-level Rise in the People’s Republic of China – Assessing the Institutional 
Dimension of Alternative Organisational Frameworks, FNU-94 (submitted) 

Berrittella, M., A.Y. Hoekstra, K. Rehdanz, R. Roson and R.S.J. Tol (2005), The Economic Impact of Restricted 
Water Supply: A Computable General Equilibrium Analysis, FNU-93 (submitted) 

Tol, R.S.J. (2005), Europe’s Long Term Climate Target: A Critical Evaluation, FNU-92 (forthcoming, 
Energy Policy) 

Hamilton, J.M. (2005), Coastal Landscape and the Hedonic Price of Accomodation, FNU-91 (submitted) 

 32

mailto:KLUM@GTAP


Working Paper FNU-112 

Hamilton, J.M., D.J. Maddison and R.S.J. Tol (2005), Climate Preferences and Destination Choice: A 
Segmentation Approach, FNU-90 (submitted) 

Zhou, Y. and R.S.J. Tol (2005), Valuing the Health Impacts from Particulate Air Pollution in Tianjin, FNU-
89 (submitted) 

Röckmann, C. (2005), International Cooperation for Sustainable Fisheries in the Baltic Sea, FNU-88 
(forthcoming, in Ehlers,P./Lagoni,R. (Eds.): International Maritime Organisations and their Contribution 
towards a Sustainable Marine Development.) 

Ceronsky, M., D. Anthoff, C. Hepburn and R.S.J. Tol (2005), Checking the price tag on catastrophe: The 
social cost of carbon under non-linear climate response FNU-87 (submitted, Climatic Change) 

Zandersen, M. and R.S.J. Tol (2005), A Meta-analysis of Forest Recreation Values in Europe, FNU-86 
(submitted, Journal of Environmental Management) 
Heinzow, T., R.S.J. Tol and B. Brümmer (2005), Offshore-Windstromerzeugung in der Nordsee -eine 
ökonomische und ökologische Sackgasse? FNU-85 (Energiewirtschaftliche Tagesfragen, 56 (3), 68-73) 

Röckmann, C., U.A. Schneider, M.A. St.John, and R.S.J. Tol (2005), Rebuilding the Eastern Baltic cod stock 
under environmental change - a preliminary approach using stock, environmental, and management constraints, 
FNU-84 (forthcoming, Natural Resource Modeling) 

Tol, R.S.J. and G.W. Yohe (2005), Infinite uncertainty, forgotten feedbacks, and cost-benefit analysis of climate 
policy, FNU-83 (submitted, Climatic Change) 

Osmani, D. and R.S.J. Tol (2005), The case of two self-enforcing international agreements for environmental 
protection, FNU-82 (submitted) 

Schneider, U.A. and B.A. McCarl, (2005), Appraising Agricultural Greenhouse Gas Mitigation Potentials: 
Effects of Alternative Assumptions, FNU-81 (submitted) 

Zandersen, M., M. Termansen, and F.S. Jensen, (2005), Valuing new forest sites over time: the case of 
afforestation and recreation in Denmark, FNU-80 (submitted) 

Guillerminet, M.-L. and R.S.J. Tol (2005), Decision making under catastrophic risk and learning: the case of the 
possible collapse of the West Antarctic Ice Sheet, FNU-79 (submitted, Climatic Change) 

Nicholls, R.J., R.S.J. Tol and A.T. Vafeidis (2005), Global estimates of the impact of a collapse of the West 
Antarctic Ice Sheet: An application of FUND, FNU-78 (submitted, Climatic Change) 

Lonsdale, K., T.E. Downing, R.J. Nicholls, D. Parker, A.T. Vafeidis, R. Dawson and J.W. Hall (2005), Plausible 
responses to the threat of rapid sea-level rise for the Thames Estuary, FNU-77 (submitted, Climatic Change) 

Poumadère, M., C. Mays, G. Pfeifle with A.T. Vafeidis (2005), Worst Case Scenario and Stakeholder Group 
Decision: A 5-6 Meter Sea Level Rise in the Rhone Delta, France, FNU-76 (submitted, Climatic Change) 

Olsthoorn, A.A., P.E. van der Werff, L.M. Bouwer and D. Huitema (2005), Neo-Atlantis: Dutch Responses to 
Five Meter Sea Level Rise, FNU-75 (submitted, Climatic Change) 

Toth, F.L. and E. Hizsnyik (2005), Managing the inconceivable: Participatory assessments of impacts and 
responses to extreme climate change, FNU-74 (submitted) 

Kasperson, R.E. M.T. Bohn and R. Goble (2005), Assessing the risks of a future rapid large sea level rise: A 
review, FNU-73 (submitted, Climatic Change) 

Schleupner, C. (2005), Evaluation of coastal squeeze and beach reduction and its consequences for the 
Caribbean island Martinique, FNU-72 (submitted) 

Schleupner, C. (2005), Spatial Analysis As Tool for Sensitivity Assessment of Sea Level Rise Impacts on 
Martinique, FNU-71 (submitted) 

Sesabo, J.K. and R.S.J. Tol (2005), Factors affecting Income Strategies among households in Tanzanian Coastal 
Villages: Implication for Development-Conservation Initiatives, FNU-70 (submitted) 

Fisher, B.S., G. Jakeman, H.M. Pant, M. Schwoon. and R.S.J. Tol (2005), CHIMP: A Simple Population Model 
for Use in Integrated Assessment of Global Environmental Change, FNU-69 (forthcoming, Integrated 
Assessment Journal) 

Rehdanz, K. and R.S.J. Tol (2005), A No Cap But Trade Proposal for Greenhouse Gas Emission Reduction 
Targets for Brazil, China and India, FNU-68 (submitted) 

 33



Working Paper FNU-112 

Zhou, Y. and R.S.J. Tol (2005), Water Use in China’s Domestic, Industrial and Agricultural Sectors: An 
Empirical Analysis, FNU-67 (Water Science and Technoloy: Water Supply, 5 (6), 85-93) 

Rehdanz, K. (2005), Determinants of Residential Space Heating Expenditures in Germany, FNU-66 
(forthcoming, Energy Economics) 

Ronneberger, K., R.S.J. Tol and U.A. Schneider (2005), KLUM: A Simple Model of Global Agricultural Land 
Use as a Coupling Tool of Economy and Vegetation, FNU-65 (submitted, Climatic Change) 

Tol, R.S.J. (2005), The Benefits of Greenhouse Gas Emission Reduction: An Application of FUND, FNU-64 
(submitted, Global Environmental Change) 

Röckmann, C., M.A. St.John, U.A. Schneider, F.W. Köster, F.W. and R.S.J. Tol (2006), Testing the implications 
of a permanent or seasonal marine reserve on the population dynamics of Eastern Baltic cod under varying 
environmental conditions, FNU-63-revised (submitted) 

Letsoalo, A., J. Blignaut, T. de Wet, M. de Wit, S. Hess, R.S.J. Tol and J. van Heerden (2005), Triple Dividends 
of Water Consumption Charges in South Africa, FNU-62 (submitted, Water Resources Research) 

Zandersen, M., Termansen, M., Jensen,F.S. (2005), Benefit Transfer over Time of Ecosystem Values: the Case of 
Forest Recreation, FNU-61 (submitted) 

Rehdanz, K., Jung, M., Tol, R.S.J. and Wetzel, P. (2005), Ocean Carbon Sinks and International Climate Policy, 
FNU-60 (forthcoming, Energy Policy) 

Schwoon, M. (2005), Simulating the Adoption of Fuel Cell Vehicles, FNU-59 (submitted) 

Bigano, A., J.M. Hamilton and R.S.J. Tol (2005), The Impact of Climate Change on Domestic and International 
Tourism: A Simulation Study, FNU-58 (submitted) 

Bosello, F., R. Roson and R.S.J. Tol (2004), Economy-wide estimates of the implications of climate change: 
Human health, FNU-57 (Ecological Economics, 58, 579-591) 

Hamilton, J.M. and M.A. Lau (2004) The role of climate information in tourist destination choice decision-
making, FNU-56 (forthcoming, Gössling, S. and C.M. Hall (eds.), Tourism and Global Environmental Change. 
London: Routledge) 

Bigano, A., J.M. Hamilton and R.S.J. Tol (2004), The impact of climate on holiday destination choice, FNU-55 
(forthcoming, Climatic Change) 

Bigano, A., J.M. Hamilton, M. Lau, R.S.J. Tol and Y. Zhou (2004), A global database of domestic and 
international tourist numbers at national and subnational level, FNU-54 (submitted) 

Susandi, A. and R.S.J. Tol  (2004), Impact of international emission reduction on energy and forestry sector of 
Indonesia, FNU-53 (submitted) 

Hamilton, J.M. and R.S.J. Tol (2004), The Impact of Climate Change on Tourism and Recreation, FNU-52 
(forthcoming, Schlesinger et al. (eds.), Cambridge University Press) 

Schneider, U.A. (2004), Land Use Decision Modelling with Soil Status Dependent Emission Rates, FNU-51 
(submitted) 

Link, P.M., U.A. Schneider and R.S.J. Tol (2004), Economic impacts of changes in fish population dynamics: 
the role of the fishermen’s harvesting strategies, FNU-50 (submitted) 

Berritella, M., A. Bigano, R. Roson and R.S.J. Tol (2004), A General Equilibrium Analysis of Climate Change 
Impacts on Tourism, FNU-49 (forthcoming, Tourism Management) 

Tol, R.S.J. (2004), The Double Trade-Off between Adaptation and Mitigation for Sea Level Rise: An Application 
of FUND, FNU-48 (forthcoming, Mitigation and Adaptation Strategies for Global Change) 

Erdil, Erkan and Yetkiner, I. Hakan (2004), A Panel Data Approach for Income-Health Causality, FNU-47  

Tol, R.S.J. (2004), Multi-Gas Emission Reduction for Climate Change Policy: An Application of FUND, FNU-
46 (forthcoming, Energy Journal) 

Tol, R.S.J. (2004), Exchange Rates and Climate Change: An Application of FUND, FNU-45 (forthcoming, 
Climatic Change) 

Gaitan, B., Tol, R.S.J, and Yetkiner, I. Hakan (2004), The Hotelling’s Rule Revisited in a Dynamic General 
Equilibrium Model, FNU-44 (submitted) 

 34



Working Paper FNU-112 

Rehdanz, K. and Tol, R.S.J (2004), On Multi-Period Allocation of Tradable Emission Permits, FNU-43 
(submitted) 

Link, P.M. and Tol, R.S.J. (2004), Possible Economic Impacts of a Shutdown of the Thermohaline Circulation: 
An Application of FUND, FNU-42 (Portuguese Economic Journal, 3, 99-114) 

Zhou, Y. and Tol, R.S.J. (2004), Evaluating the costs of desalination and water transport, FNU-41 (fWater 
Resources Research, 41 (3), W03003) 

Lau, M. (2004), Küstenzonenmanagement in der Volksrepublik China und Anpassungsstrategien an den 
Meeresspiegelanstieg,FNU-40 (Coastline Reports, Issue 1, pp.213-224.) 

Rehdanz, K. and Maddison, D. (2004), The Amenity Value of Climate to German Households, FNU-39 
(submitted) 

Bosello, F., Lazzarin, M., Roson, R. and Tol, R.S.J. (2004), Economy-wide Estimates of the Implications of 
Climate Change: Sea Level Rise, FNU-38 (submitted, Environmental and Resource Economics) 

Schwoon, M. and Tol, R.S.J. (2004), Optimal CO2-abatement with socio-economic inertia and induced 
technological change, FNU-37 (submitted, Energy Journal) 

Hamilton, J.M., Maddison, D.J. and Tol, R.S.J. (2004), The Effects of Climate Change on International Tourism, 
FNU-36 (Climate Research, 29, 255-268) 

Hansen, O. and R.S.J. Tol (2003), A Refined Inglehart Index of Materialism and Postmaterialism, FNU-35 
(submitted) 

Heinzow, T. and R.S.J. Tol (2003), Prediction of Crop Yields across four Climate Zones in Germany: An 
Artificial Neural Network Approach, FNU-34 (submitted, Climate Research) 

Tol, R.S.J. (2003), Adaptation and Mitigation: Trade-offs in Substance and Methods, FNU-33 (Environmental 
Science and Policy, 8 (6), 572-578) 
Tol, R.S.J. and T. Heinzow (2003), Estimates of the External and Sustainability Costs of Climate Change, FNU-
32 (submitted) 
Hamilton, J.M., Maddison, D.J. and Tol, R.S.J. (2003), Climate change and international tourism: a simulation 
study, FNU-31 (Global Environmental Change, 15 (3), 253-266) 
Link, P.M. and R.S.J. Tol (2003), Economic impacts of changes in population dynamics of fish on the fisheries in 
the Barents Sea, FNU-30 (ICES Journal of Marine Science, 63 (4), 611-625) 
Link, P.M. (2003), Auswirkungen populationsdynamischer Veränderungen in Fischbeständen auf die 
Fischereiwirtschaft in der Barentssee, FNU-29 (Essener Geographische Arbeiten, 35, 179-202) 
Lau, M. (2003), Coastal Zone Management in the People’s Republic of China – An Assessment of Structural 
Impacts on Decision-making Processes, FNU-28 (Ocean & Coastal Management, No. 48 (2005), pp. 115-159.) 
Lau, M. (2003), Coastal Zone Management in the People’s Republic of China – A Unique Approach?, FNU-27 
(China Environment Series, Issue 6, pp. 120-124; http://www.wilsoncenter.org/topics/pubs/7-commentaries.pdf )  
Roson, R. and R.S.J. Tol (2003), An Integrated Assessment Model of Economy-Energy-Climate – The Model 
Wiagem: A Comment, FNU-26 (Integrated Assessment, 6 (1), 75-82) 
Yetkiner, I.H. (2003), Is There An Indispensable Role For Government During Recovery From An Earthquake? 
A Theoretical Elaboration, FNU-25 
Yetkiner, I.H. (2003), A Short Note On The Solution Procedure Of Barro And Sala-i-Martin for Restoring 
Constancy Conditions, FNU-24 
Schneider, U.A. and B.A. McCarl (2003), Measuring Abatement Potentials When Multiple Change is Present: 
The Case of Greenhouse Gas Mitigation in U.S. Agriculture and Forestry, FNU-23 (submitted) 
Zhou, Y. and Tol, R.S.J. (2003), The Implications of Desalination to Water Resources in China - an Economic 
Perspective, FNU-22 (Desalination, 163 (4), 225-240) 
Yetkiner, I.H., de Vaal, A., and van Zon, A. (2003), The Cyclical Advancement of Drastic Technologies, FNU-
21 
Rehdanz, K. and Maddison, D. (2003) Climate and Happiness, FNU-20 (Ecological Economics, 52 111-125) 
Tol, R.S.J., (2003), The Marginal Costs of Carbon Dioxide Emissions: An Assessment of the Uncertainties, 
FNU-19 (Energy Policy, 33 (16), 2064-2074). 
Lee, H.C., B.A. McCarl, U.A. Schneider, and C.C. Chen (2003), Leakage and Comparative Advantage 
Implications of Agricultural Participation in Greenhouse Gas Emission Mitigation, FNU-18 (submitted). 

 35

http://www.wilsoncenter.org/topics/pubs/7-commentaries.pdf


Working Paper FNU-112 

 36

Schneider, U.A. and B.A. McCarl (2003), Implications of a Carbon Based Energy Tax for U.S. Agriculture, 
FNU-17 (submitted). 
Tol, R.S.J. (2002), Climate, Development, and Malaria: An Application of FUND, FNU-16 (forthcoming, 
Climatic Change). 
Hamilton, J.M. (2003), Climate and the Destination Choice of German Tourists, FNU-15 (revised and 
submitted). 
Tol, R.S.J. (2002), Technology Protocols for Climate Change: An Application of FUND, FNU-14 (Climate 
Policy, 4, 269-287). 
Rehdanz, K (2002), Hedonic Pricing of Climate Change Impacts to Households in Great Britain, FNU-13 
(forthcoming, Climatic Change). 
Tol, R.S.J. (2002), Emission Abatement Versus Development As Strategies To Reduce Vulnerability To Climate 
Change: An Application Of FUND, FNU-12 (forthcoming, Environment and Development Economics). 
Rehdanz, K. and Tol, R.S.J. (2002), On National and International Trade in Greenhouse Gas Emission Permits, 
FNU-11 (Ecological Economics, 54, 397-416). 
Fankhauser, S. and Tol, R.S.J. (2001), On Climate Change and Growth, FNU-10 (Resource and Energy 
Economics, 27, 1-17). 
Tol, R.S.J.and Verheyen, R. (2001), Liability and Compensation for Climate Change Damages – A Legal and 
Economic Assessment, FNU-9 (Energy Policy, 32 (9), 1109-1130). 
Yohe, G. and R.S.J. Tol (2001), Indicators for Social and Economic Coping Capacity – Moving Toward a 
Working Definition of Adaptive Capacity, FNU-8 (Global Environmental Change, 12 (1), 25-40). 
Kemfert, C., W. Lise and R.S.J. Tol (2001), Games of Climate Change with International Trade, FNU-7 
(Environmental and Resource Economics, 28, 209-232). 
Tol, R.S.J., W. Lise, B. Morel and B.C.C. van der Zwaan (2001), Technology Development and Diffusion and 
Incentives to Abate Greenhouse Gas Emissions, FNU-6 (submitted). 
Kemfert, C. and R.S.J. Tol (2001), Equity, International Trade and Climate Policy, FNU-5 (International 
Environmental Agreements, 2, 23-48). 
Tol, R.S.J., Downing T.E., Fankhauser S., Richels R.G. and Smith J.B. (2001), Progress in Estimating the 
Marginal Costs of Greenhouse Gas Emissions, FNU-4. (Pollution Atmosphérique – Numéro Spécial: Combien 
Vaut l’Air Propre?, 155-179). 
Tol, R.S.J. (2000), How Large is the Uncertainty about Climate Change?, FNU-3 (Climatic Change, 56 (3), 
265-289). 
Tol, R.S.J., S. Fankhauser, R.G. Richels and J.B. Smith (2000), How Much Damage Will Climate Change Do? 
Recent Estimates, FNU-2 (World Economics, 1 (4), 179-206) 
Lise, W. and R.S.J. Tol (2000), Impact of Climate on Tourism Demand, FNU-1 (Climatic Change, 55 (4), 429-
449). 
 
 
 


